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Abstract

We show direct evidence of the distortionary effects of rent-seeking activities, by study-
ing the impact on Beijing’s restaurant sector of China’s 2012 anti-corruption campaign,
which placed strict limits on lavish spending by public officials. We find that restau-
rants located closer to government offices experienced a relative decline in consumer
demand. We further show that the spatial distribution of establishments became less
concentrated around government offices, compared to before the campaign. Our re-
sults underscore the influence of rent-seeking activities on the prior spatial distribu-
tion of the restaurant sector, suggesting that they distort economic outcomes beyond
industries targeted by the rent-seeking itself.
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1 Introduction

Political connections can significantly impact the allocation of economic resources within

a society. Individuals or entities with close ties to those in power can exert influence to se-

cure favorable treatment, contracts, or access to resources, and those without connections

may find it challenging to compete on a level playing field. Political connections can thus

shape economic decisions, favoring certain individuals or groups over others, and poten-

tially leading to inefficiencies and distortions in resource allocation. What is more, their

value to those who benefit from them entails a second layer of distortions, as resources

are devoted to securing or maintaining the connections themselves, through rent-seeking

activities ranging from lobbying to outright bribery.

Yet it is hard to detect these distortions, in the sense of causally tying specific outcomes

to those rent-seeking activities. This is especially true in contexts where such activities

may be illegal, as they often are, and where there is little transparency about the interac-

tions between public officials and the businesses they regulate or otherwise affect. This is

very much the case in developing countries, but also in industrialized, stable democracies.

We provide causal evidence of the direct distortionary effect of rent-seeking activities,

by studying a specific instance in which a sharp policy intervention dramatically changed

the incentives for engaging in certain kinds of such activities: the “Eight-Point Regula-

tion” (8PR) initiative in China. The Chinese government launched the 8PR initiative in

December 2012, as part of what was billed as the largest anti-corruption campaign in the

country’s history, aimed at combatting official extravagance and revitalizing the govern-

ment’s public image.1

A key feature of 8PR was a ban on government officials spending on receptions, meet-

ings, business meals, and other leisure activities, which had been common practices used

by those officials to increase their own consumption, and by private individuals and busi-

nesses to buttress relationships with the officials. The subsequent crackdown had a pro-

nounced impact on China’s restaurant sector, particularly high-end establishments, which

experienced its slowest growth in more than two decades (Yang and Jing, 2013).

1On the broad implications of the anti-corruption campaign, see Sudworth (2014).
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The dramatic impact of the anti-corruption crackdown on this particular sector gives

us a window into the influence of pre-existing rent-seeking practices on the distribution of

economic activity. Specifically, we compare the performance of Beijing restaurants before

and after the implementation of 8PR, based on their geographical proximity to govern-

ment offices. Our first key finding is that restaurants located near centers of power were

more significantly affected by the 8PR measures, compared to similar establishments sit-

uated farther away. Second, we find that the spatial distribution of establishments sub-

sequently became less concentrated around government offices, compared to before 8PR.

Put together, the results show that the pre-existing spatial allocation of the restaurant sec-

tor was strongly influenced by the rent-seeking activities that the 8PR policy aimed to

curb.

Our analysis starts by combining establishment-level data for restaurants in Beijing’s

six inner districts from 2010 to 2014, scraped from Dianping – China’s most popular web-

site for consumer product and retail service reviews (roughly equivalent to Yelp in the

United States) – with geocoded information on the location of restaurants. To account for

potentially unobserved characteristics of establishments located in different areas, we im-

plement a spatial differences-in-differences strategy. The key idea, intuitively speaking,

is that restaurants near government offices can be considered the “treated” group, more

intensely affected by 8PR. This is for two complementary reasons: the kind of spending

targeted by the 8PR intervention was disproportionately likely to take place in restaurants

closer to government offices in the low accountability environment pre-intervention, and

these restaurants might also be under greater scrutiny in the higher accountability regime

under 8PR. Assuming parallel trends in demand across “treatment” and “control” groups

before 8PR, the differential change in performance indicates the causal impact of the rela-

tive reduction in rent-seeking activities brought about by the policy.

Our results show a significant negative impact on both customer traffic (5.5%) and av-

erage consumer expenditure (2.7%), as proxied by anonymous online reviews, with the ef-

fect persisting during our estimation window (2013-2014). To get a sense of magnitudes, a

simple back-of-the-envelope calculation translates this into a yearly loss of roughly RMB 3

billion (just above USD 400 million). The adverse effects were most significant for restau-
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rants with arguably higher exposure to rent-seeking practices, such as those located in

government-designated hotels and near more important offices, and on weekdays, when

government offices are open. We also find that high-end restaurants were more affected,

consistent with the effect being driven by the enforced reduction in the demand for lav-

ish spending. Lower-end establishments also suffered, likely due to negative externalities

to the industry as a whole. In contrast, sectors not directly affected by 8PR do not show

the same spatial patterns, and the effect on restaurants themselves is not meaningfully

different depending on their location relative to business agglomerations, as opposed to

government offices.

The impact is further underscored by looking at the evolution of the spatial distri-

bution of establishments after the 8PR implementation. By 2016, that distribution was

clearly less concentrated around government offices, with the biggest drop in numbers

coming from restaurants in close proximity to them. This indicates that the change in

demand patterns was not a merely temporary disruption, nor an artifact of changes in be-

havior by online reviewers, but actually left a mark on the spatial allocation of resources

in the restaurant sector. Overall, our findings suggest that the spatial distribution of ac-

tivity in the sector prior to the anti-corruption intervention was not entirely reflective of

underlying economic characteristics, but was instead significantly affected by previously

widespread rent-seeking practices.

Our findings present a compelling illustration of the costs directly associated with rent-

seeking endeavors: resources dedicated to maintaining political connections distort the al-

location of economic activity, affecting sectors unrelated to those efforts themselves. This

allows us to gain a more comprehensive understanding of the broader impact of corrup-

tion, thus highlighting the challenges faced by anti-corruption policies. The conventional

perspective on corruption emphasizes its negative effects on social welfare, even if estab-

lishing a clear causal link often proves empirically challenging. In contrast, our study

emphasizes that rent-seeking activities have beneficiaries beyond government officials

and private agents directly involved in them. In our context, restaurants, particularly

those establishments in close proximity to government offices, were negatively affected

by the anti-corruption crackdown. This cautionary tale underscores the potential politi-
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cal resistance that anti-corruption initiatives may encounter, especially in contexts where

governments may face more constraints on their actions than in China.

Our study connects to a number of different strands of literature. First, we add to

the vast body of work that has investigated the economic impact of political connections,

corruption, and broad rent-seeking (e.g. surveys by Olken and Pande (2012) and Bom-

bardini and Trebbi (2020), and references therein). Documenting this impact is inherently

challenging, given measurement issues and the potential for omitted variables and re-

verse causality, and the literature has pursued multiple approaches to deal with those

challenges. We take advantage of a unique policy experiment, by making use of the het-

erogeneous implications of the policy across space, and our within-city spatial approach

allows us to make statements about the distribution of economic activity while holding

underlying economic fundamentals constant. Notably, we focus on the distorting role of

rent-seeking activities themselves, in a sector not targeted for influence, as distinct from

their intended effect on public or private decision-making.

Within this literature, we also contribute to the effort in examining the impact of pol-

icy interventions aimed at curtailing corruption (e.g., Olken, 2007; Ferraz and Finan, 2008;

Björkman and Svensson, 2009; Avis et al., 2018). We show that these interventions can

have collateral effects on tangentially related sectors, which could presumably affect their

political support. On a more specific level, we add to the empirical evidence on the eco-

nomic ramifications of China’s extensive 2012 anti-corruption campaign.2 Our results un-

derscore that anti-corruption policy interventions, particularly China’s, yield substantive

economic effects, as opposed to mere “cosmetic” adjustments that risk undermining the

intended impact of such interventions.

2Some studies document a negative economic impact of the 2012 corruption crackdown (Chen and
Zhong, 2017; Zang et al., 2018), while others highlight benefits arising from diminished corruption. For
instance, Lin et al. (2016) document a positive impact of anti-corruption reforms on shareholder valuations,
attributable to reduced expected bribes to government officials and the intensified development of the mar-
ket institutions. Giannetti et al. (2019) underscore the performance improvement of firms operating in ini-
tially more corrupt settings, particularly small enterprises. Ding et al. (2020) find a positive stock market
response to robust anti-corruption measures and lower announcement returns for luxury-goods producers,
SOEs, large firms, or politically connected firms. In contrast, Wang (2016) links the increasing dismissal of
a high-level government official to slight province-level growth reduction. Chen and Kung (2019) suggest
that the campaign was effective in reducing corruption in real estate sales, and had an impact on political
selection.
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Our work also relates to the literature exploring the determinants of the spatial distri-

bution of urban consumer amenities, by examining the impact of anti-corruption regula-

tions on the geography of restaurants within a city. Prior research has shown that urban

amenities tend to cluster in areas with higher levels of population, urban density, and de-

mand aggregation (Glaeser et al., 2001; Waldfoger, 2008; Berry and Waldfoger, 2010; Cou-

ture, 2014; Schiff, 2015; Couture and Handbury, 2020; Leonardi and Moretti, 2023). We ex-

tend this literature by showing that the location of political power centers also affects the

spatial concentration of consumer amenities. This adds to the growing body of evidence

underscoring the pivotal role of the spatial distribution of political power in shaping the

geographical patterns of economic activity (Ades and Glaeser, 1995; Davis and Hender-

son, 2003; Campante and Do, 2010, 2014; Rodden, 2010; Galiani and Kim, 2011; Campante

et al., 2019). Moreover, our analysis sheds light on how shifts in the political landscape –

heightened political accountability, in our case – can induce changes in the geography of

consumer amenities.

Our third contribution is the use of large-scale data from online platforms to mea-

sure local economic activity. This approach is becoming increasingly popular in gauging

economic changes in urban spaces due to its accessibility, timely updates, and geocoded

information (Blumenstock et al., 2015; Toole et al., 2015; Jean et al., 2016; Naik et al., 2017;

Dong et al., 2017; Glaeser et al., 2018; Davis et al., 2019; Dong et al., 2019). By utilizing

establishment-level information at a fine spatial resolution, our study provides a deeper

understanding of the impact of the 8PR at the within-city scale, which is difficult to cap-

ture through traditional economic measures like GDP, population, and employment ob-

tained from official sources at more aggregate levels. Moreover, our scalable approach can

be easily replicated in other cities, enabling researchers to study the effects of aggregate

shocks across different regions.3

The remainder of the paper is structured as follows: Section 2 provides an overview of

3We also contribute to the discussion of the association between conspicuous consumption and corrup-
tion (Lambsdorff, 2002; Gokcekus and Suzuki, 2014). This association is not unique to business-government
relationships, where firms engaging in bribes face a higher cost of capital and spend more time with bu-
reaucrats (Kaufmann and Wei, 2000). Our findings are consistent with the literature showing that harsh cor-
ruption control policies targeting corruption-induced conspicuous consumption can effectively limit lavish
consumption behaviors (Tajaddini and Gholipour, 2018).
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the Eight-Point Regulation and its impact on the restaurant sector, and Section 3 goes over

data sources and descriptive statistics. Section 4 outlines the methodology, and Section 5

presents and discusses the estimation results. Section 6 concludes.

2 Background: China’s Anti-Corruption Campaign and the

“Eight-Point Regulation”

Chinese officials have long been known for their extravagant spending at luxurious es-

tablishments such as high-end restaurants, private clubs, and massage parlors, at the ex-

pense of taxpayers and businesses. This practice has been associated with institutional

and interpersonal relationships, business culture, and the long-established fringe benefit

in exchange for public officials’ loyalty (Cai et al., 2011; Gong and Xiao, 2017; Agarwal et

al., 2020; Wang and Yan, 2020). Since 2010, the Ministry of Finance has been pressured by

criticism, facilitated by social media, to publicize figures for the “three expenses.”4 In 2010

and 2011, central government departments spent 9.47 billion yuan and 9.36 billion yuan

($1.47 billion), respectively, on these expenses. However, these reported figures lacked

transparency and received minimal audits, which had drawn substantial backlash over

insufficient accountability (Chen, 2013).

In December 2012, soon after the 18th National Congress of the Chinese Communist

Party (CCP), the Chinese central government implemented austerity measures with the

issuance of the “Eight-Point Regulations” (8PR). These regulations required that officials

shun all forms of extravagance, stipulating that “there should be no welcome banner, no

red carpet, no floral arrangement or grand receptions for officials’ visits.” The regulations

also specified that “leaders must practice thrift and strictly follow relevant regulations on

accommodation and cars.”5

In a nutshell, the 8PR marked the Chinese government’s highly public campaign aimed

4“Three public expenses”, also known as “san gong xiao fei,” refer to Chinese officials’ spending on
vehicles, banquets, and international travel at the public expense.

5For more information on the crackdown on corruption and public officials’ spending in China,
please refer to https://www.chinabusinessreview.com/chinas-crackdown-on-corruption-and-government-
spending-a-timeline/.
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at curtailing the conspicuous displays of wealth by those in power. It mandated an end to

luxury banquets and leisure activities, motor vehicle passes, and VIP membership cards.

The campaign advertised a zero-tolerance stance on corruption, illustrated by the fact

that the Central Commission for Discipline Inspection (CCDI) punished 182,000 officials

nationwide for disciplinary violations in 2013, representing an increase of over 20,000 rel-

ative to 2012 and approximately 40,000 relative to 2011 (Garrick and Bennett, 2016).

The campaign reportedly resulted in the closure of high-end stores and recreational fa-

cilities, club membership cancellations, limitations on banquets, and bans on extravagant

spending with public funds (Yang and Jing, 2013). This had a severe impact on luxury

goods dealers, high-end caterers, lavish entertainment venues, and massage parlors. The

China Cuisine Association reported a 9% growth rate in the catering service market in

2013, the lowest in 21 years. Sales of premium liquor and Chinese specialty dishes de-

creased by up to 70%. Nearly 60% of restaurants reported a decrease in reservations, and

government-sponsored banquets decreased by almost a third compared to the previous

year (Jacobs, 2013). The growth rate of luxury retailers also dropped by 5% to 2% in 2013.

Some estimates indicated that GDP growth was reduced by approximately 0.1-0.2 per-

centage points (Yan, 2014).

The impact of the campaign is borne out in the data. The China Family Panel Survey

(CFPS) – a nationally representative survey conducted by the Institute of Social Science

Survey (ISSS) at Peking University – contains information on household dining-out ex-

penditures. Among a variety of household characteristics, it also records information on

whether the household includes any government employees. Using the 2012 and 2014

waves – namely, immediately before and after the implementation of 8PR – we find that

households with family members employed at government bureaus reduced their dining-

out expenditure per person by approximately 712 RMB (2.4 percentage points as a percent-

age of total expenditure, and 3.7 as a percentage of income), relative to other households.6

6Full results are available in Table A.1 in the Appendix. Specifically, we estimate a differences-in-
differences specification as follows:

dining outjt = γ0 + γ1 · govemployeej · postt + γ2 ·Xjt + ωj + δkt + ξjt

where dining outjt denotes the measure of dining-out expenditure of household j in year t. govemployeej
is a dummy variable equal to 1 if household j has family members working at government bureaus and
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This reduction was greater for households living in provincial capitals, as opposed to

non-capitals, consistent with the idea that the effect would be larger in more politically

sensitive locations.7

3 Data

3.1 Restaurant Data

We collected quarterly data between 2010-2014 from an online business review and local

guide platform – Dianping, the Chinese equivalent of Yelp, covering the main urban areas

of Beijing. Dianping regularly publishes price and review information for local businesses

in Chinese cities.8 We focus on the inner six districts of Beijing — Dongcheng, Xicheng,

Chaoyang, Haidian, Fengtai, and Shijingshan, where most retail stores and government

ministries are located. Our sample consists of 30,974 restaurants and includes information

on restaurant names, addresses, cuisine types, customer reviews, ratings, self-reported

expenses, and year of establishment. Dianping reviews are anonymous, reducing the risk

that posting behavior would be affected by accountability concerns.

We use the dates of online review postings to build a panel dataset of restaurant con-

sumer expenditures and customer visits. For each restaurant, we count the quarterly num-

ber of customer reviews as a proxy for customer traffic and compute the quarterly average

expenditure per person as a proxy for average cuisine price. All restaurant addresses are

geocoded to measure their locations.

To examine the evolving spatial organization of restaurants after the 8PR, we also col-

0 otherwise. The variable postt is a dummy variable equal to 1 in 2014 and 0 in 2012. Xjt represents
demographic attributes of household j in year t. We also include household fixed effects and county-year
fixed effects as controls, and cluster standard errors by household.

7When interpreting these results, it is important to consider two important caveats. First, we do not
have information on the reimbursable expenses of government employees. This means that the decrease
in dining-out expenditures among affected households may be due to under-reported expenses that can
be reimbursed by government funds. Second, it is possible that the expenses associated with extravagant
restaurant consumption were shifted to businesses offering reimbursement for excess spending to bribe
corrupt government officials (Cai et al., 2011; Lin et al., 2016). In any case, reported expenditures seem to
conform to the Newcomb-Benford law of anomalous numbers, in terms of the first digits reported, for both
types of households, before and after 8PR implementation, indicating no evidence of underreporting.

8In 2015, Dianping merged with Meituan and became Meituan-Dianping. Our estimation window for
the main analysis covers only the pre-merger period.
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lected post-2014 restaurant data from Dianping. However, our data retrieval has become

restricted since our initial collection for the 2010-2014 period, with access to only restau-

rant counts at the level of 1 km×1 km grid cells up to 2016. Individual restaurant reviews

and pricing information were no longer available. Despite this limitation, the restaurant

count data at the grid cell level was sufficient to discern potential medium-run realloca-

tions of restaurants following the policy intervention.

3.2 Government Offices

We geocoded 120 government bureaus in Beijing, including 74 central government min-

istries and 46 local government bureaus, to locate political power centers in the city. Tables

A.2-A.5 provide a complete list of state and municipal government bureaus in Beijing. To

visualize the distribution of power centers and restaurants in the inner six districts of

Beijing, we present Figure A.1, where the red and blue pentagrams represent state and

municipal government bureaus, respectively, and the green dots indicate the restaurants

in our sample.

Figure A.1 illustrates that power centers are mainly concentrated in the city center,

while restaurants are more widely distributed. Many restaurants are located near power

centers, potentially benefiting from the economic activity in the city center and high de-

mand for government meetings and receptions. However, a considerable number of

restaurants are also located in peripheral areas, providing ample variation in the distance

between restaurants and power centers. This is crucial for identifying the impact of the

anti-corruption campaign on restaurant consumer expenditure.

3.3 Descriptive Statistics

Table A.6 displays the summary statistics of restaurant data used in our analysis. Our

dataset comprises 348,798 customer reviews on Dianping, with each restaurant receiving

an average of 11 reviews. The distribution of review numbers is heavily right-skewed,

suggesting that many restaurants receive low customer traffic while a few popular places

attract a significant number of customers. We also collected 208,878 self-reported expen-
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diture records for all restaurants in our sample. On average, the reported expenditure was

60 RMB (just under 10 USD), with considerable variability. The distribution of expendi-

ture is also skewed to the right, likely due to the presence of excess spending.

The average distance between a restaurant and its nearest government bureau is 1.9km,

consistent with the concentration of restaurants around government buildings, as shown

in Figure A.1. To account for any changes in public transportation infrastructure that may

have induced the spatial reallocation of customer traffic, we also calculated the distance

between each restaurant and the closest subway station in Beijing’s inner six districts.

We geocoded all subway stations in this area and found that the average shortest dis-

tance from a restaurant to its closest station is 1.8 km with a standard deviation of 2.0

km. Notably, the distance from the nearest subway station changes over time, as Beijing

underwent significant subway expansion during our study period.9

4 Empirical Strategy

We exploit the implementation of the 8PR anti-corruption campaign as a natural exper-

iment, differentially affecting restaurants depending on their proximity to government

offices. Intuitively, we can think of establishments located near government offices as the

“treatment” group more affected by 8PR measures, with more distant establishments serv-

ing as “control” units. The idea is that the lavish spending pre-campaign was more likely

to take place in nearby restaurants. This is because of convenience, but also because, in

the pre-existing environment of essentially no enforcement against that type of consump-

tion, its very conspicuousness served as a way for officials to signal power and status, in

the manner of so-called “Veblen goods” (Bagwell and Bernheim, 1996). In the post-8PR

period, where enforcement was present, it would have been arguably riskier to engage in

these activities closer to where other government officials or interested observers may be,

thus reinforcing the spatial pattern.

We start by dividing Beijing’s inner six districts into 3 km × 3 km grid cells and then

9For further information on the rapid growth of the subway system in Beijing during our study period
from 2012-2014, please refer to Du and Zheng (2020).
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estimate variants of a difference-in-differences specification as follows:

ln(yict) = β0 + β1 · locationic · postt +Xictβ2 + αi + γct + εict (1)

where yict refers to either the number of reviews or average price of restaurant i in grid

cell c during quarter t. The variable postt is a dummy variable that takes the value of

1 starting from the first quarter of 2013 (i.e., the quarter right after the introduction of

8PR). The vector Xict captures a time-varying restaurant-level characteristic – distance to

the nearest subway station, to tease out the confounding effect of improved public transit

over time, which could have allowed diners to more easily access more distant locations.

The fixed effects αi control for time-invariant differences across restaurants. The cell-by-

year-quarter fixed effects γct capture unobserved neighborhood-specific patterns, such as

differential growth in Dianping users, restaurant location choice, and changes in within-

city amenities that may drive restaurant consumer spending patterns. We cluster standard

errors by grid cell to account for any arbitrary within-cluster correlation.

We first estimate the impact of the 8PR across different distances from the power cen-

ters using a spatial gradient model, where locationi represents the distance from restau-

rant i to the nearest government office. This helps us understand the geographic reach

of the impact. Based on the results from the spatial gradient model, we conduct a spa-

tial differences-in-differences analysis by using locationi as a treatment dummy variable.

This variable takes a value of 1 if restaurant i is within a certain distance from its closest

government bureau (treated) and zero otherwise (untreated).

Our primary parameter of interest is β1, which we expect to have a negative sign due

to the downward pressure on customer demand and average prices following the anti-

corruption crackdown. However, any observed differential trends between affected and

unaffected restaurants could result from within-restaurant effects, as well as reallocation

of demand across restaurants (e.g., demand shifts to lower-end restaurants or those farther

away from the city center), which could potentially bias our estimates. To disentangle the

impact of the policy intervention from these other factors, we include store establishment

fixed effects to adjust for pre-existing location-specific differences and to absorb any effect
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due to demand reallocation. Additionally, cell × year-quarter fixed effects help us account

for year-to-year fluctuations and area-specific shocks to consumer spending behaviors.

Our key identification assumption is that restaurant consumer expenses followed sim-

ilar trends before the implementation of 8PR, regardless of their proximity to power cen-

ters. This assumption is bolstered by the fact that the implementation of 8PR was largely

unexpected and there were few, if any, rumors circulating prior to its announcement. As

a result of the policy shock’s random nature, it is unlikely that the relative location of

restaurants to power centers influenced the pre-treatment dynamics of demand and sup-

ply within the city. Establishment fixed effects account for any persistent spatial differ-

ences in restaurant characteristics. Our within-city approach also controls for any cross-

city differences in underlying economic fundamentals that may drive the distribution of

economic activity, captured by the constant term β0. Therefore, any differences in the

trends of restaurant consumer expenditures across locations relative to political power

centers after the implementation of 8PR can be attributed to the differential impact of

the policy intervention, rather than pre-treatment differences in the spatial distribution of

economic activity. We will empirically test this assumption using our data.

5 Results

5.1 Baseline Results: Online Reviews

We start by looking at the impact of 8PR implementation on customer traffic (as prox-

ied by the number of online reviews) and expenditures per customer (as captured by

expenditures reported in those reviews). Our first key result is shown in Figure 1, which

displays, in semiparametric fashion, the spatial gradient estimates for the effects of the

anti-corruption campaign on those outcome variables in a series of 200-meter buffer rings

around the nearest government office. Specifically, we use a set of dummy variables in-

dicating each of the 200-m buffer rings to replace locationic in equation (1) and interact

them with the post-policy dummy variable. We find that restaurants located within ap-

proximately 1.5 kilometers of their nearest government office experienced a statistically
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significant decline in customer traffic and average price after policy implementation. In

contrast, the anti-corruption campaign did not have a significant impact on restaurants

situated beyond this 1.5-kilometer threshold. These findings rule out the possibility that

the observed negative impact on restaurants close to political power centers is due to a

spatial shift in extravagant consumption from the vicinity of power centers to areas on the

periphery where government oversight is less stringent.

To get a sense of magnitudes, we turn to the parametric specification in equation (1),

using the distance from each restaurant to its nearest office as the treatment variable of in-

terest (Table A.7 in the Online Appendix). Our preferred specification, which controls for

distance to the nearest subway station, shows that a 10% decrease in the distance between

a restaurant and its nearest government bureau leads to a 0.2% decrease in customer re-

views and a 0.1% decline in average price after the 8PR.10

We then move on to the spatial differences-in-differences approach. Based on the non-

parametric results, we set the binary treatment variable as equal to 1 for restaurants lo-

cated within 1.5 km of any government office, and 0 otherwise. We summarize the key

patterns in Figure 2, using an event-study approach. Panels (a) and (b) show the trends

in customer traffic and average expenditure for treated and untreated restaurants, respec-

tively. The vertical lines in both panels denote the time of policy implementation (Decem-

ber 2012), with Period -1 corresponding to the last quarter of 2012, Period +1 to the first

quarter of 2013, and so forth. Panels (c) and (d) then plot the net difference in the trends

between treated and untreated restaurants. 11

It is immediately clear from visual inspection that, there was no apparent difference in

customer traffic and expenditure trends prior to the implementation of 8PR. This is reas-

suring with respect to our key assumption for causal identification. After implementation,

a noticeable gap emerged, with a relative drop in the treated restaurants located near po-

10The analysis also finds that the distance to subway stations does not significantly explain changes in
restaurant consumption patterns. This suggests that improved public transit did not lead to a significant
spatial reallocation of restaurant consumption to more distant locations.

11Specifically, we estimate the baseline model equation (1), with the interaction terms of the dummy
variable locationic and a set of quarter dummy variables relative to the 8PR policy start date. We plot the
coefficients from our preferred specification, which includes store fixed effects and cell × year-quarter fixed
effects, and a control for the distance to the nearest subway station, with standard errors clustered at the
grid-cell level to account for potential spatial correlation. Table A.9 reports corresponding regression results.
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Figure 1: Customer traffic and price effects by proximity to nearest government office
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(a) No. of restaurant reviews
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Notes: This figure presents point estimates from a spatial gradient model, as outlined in
equation (1). Panels (a) and (b) depict the effects on restaurant customer traffic and prices
in 200-meter buffer rings around the nearest power centers, respectively. Corresponding
estimates are reported in Table A.8.
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Figure 2: Differences-in-differences estimation: Event study
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Notes: This figure presents point estimates from our baseline DID model based on equa-
tion (1). Panels (a) and (b) illustrate trends for treated and untreated restaurants in num-
ber of reviews and average reported expenditures. Panels (c) and (d) show net differences
in these trends. Table A.9 reports corresponding regression results.
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litical power centers. This underscores the causal impact of 8PR in reducing the demand

for those restaurants, relative to their counterparts situated farther from government of-

fices.12

For magnitudes of the average effects, we estimate a basic differences-in-differences

specification following equation (1), with results presented in Appendix Table A.10. Our

preferred specifications show that restaurants located near political power centers expe-

rienced a 5.5% (= 1 − e−0.057) relative reduction in the number of reviews and a 2.7%

(= 1− e−0.027) decrease in average price after the implementation of the 8PR.13

Simple back-of-the-envelope calculations provide additional perspective on the mag-

nitudes. Treated restaurants make up 60.92% of all restaurants in Beijing, according to

data from Dianping. In 2012, the total revenue generated by the Beijing catering sector

was 53.45 billion RMB. Applying the aforementioned numbers for expenditure per capita

and customer traffic would yield a 5.6% [= (1 - 94.5% ×97.3%)×60.92%] drop in total rev-

enue for the affected catering businesses in Beijing. This corresponds to revenue losses of

approximately 3.0 billion RMB, or roughly 488 million USD using the average exchange

rate with respect to the US dollar in 2013 (6.15).

5.2 The Spatial Distribution of Establishments

Having shown the immediate impact of the implementation of 8PR on restaurants, as

captured by online reviews, we turn our attention to its effects on the spatial distribution

of establishments. This is important for two reasons: first, it allows us to trace the real

effects of the shock on the sector over time, thereby helping us determine whether the

allocation of resources is durably affected – and hence whether the pre-existing spatial

distribution indeed reflected rent-seeking activities.

Second, this helps us determine whether the changes observed from online reviews

12It is worth noting that the difference between the two groups eventually decreases, particularly in cus-
tomer traffic, after approximately two years. This may be due to longer-term adjustments in the market,
particularly in terms of establishment entry and exit, which we will address in Section 5.2.

13Once again, we find no evidence that the estimated effects were driven by the spatial reallocation of
restaurant consumer spending due to the improved metro system. Including Ln(dis subway) in the model
results in negligible differences in point estimates and R2, and the control variable Ln(dis subway) itself
registered a small and insignificant coefficient.
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reflect changes in posting behavior, rather than actual restaurant demand. In spite of the

anonymity of the reviews, one cannot rule out, in principle, that the new accountability

environment could affect incentives to post reviews and report expenditures, particularly

for government officials. While it is unclear why those incentives should affect restaurants

differentially based on their location relative to government offices, and hence constitute

systematic measurement error, it is rather unlikely that decisions on entry and exit would

be driven by online reviewers’ posting behavior, as opposed to an actual impact on de-

mand and profitability.14 As such, detecting an impact on the spatial distribution of es-

tablishments would be a strong indication that 8PR induced changes in actual consumer

behavior.

Figure 3 displays the density of establishments across Beijing’s six inner districts, as

well as the location of government offices, in 2010, 2012, 2014, and 2016 – thus covering a

two-year period before and up to four years after the implementation of 8PR. It is appar-

ent that the distribution, which was relatively stable in the pre-campaign period, becomes

substantially more dispersed relative to where the government offices are situated, espe-

cially by 2016 – unsurprisingly, as entry and exit decisions accumulate over time. A more

systematic depiction is in Figure 4: there is a decline in the number of restaurants located

within 3km of the nearest government office, matched by a relative increase in the number

of restaurants located farther away.

While we cannot interpret the changes in the spatial distribution of establishments

as entirely driven by the implementation of 8PR, they are nevertheless consistent with

the policy having triggered a reallocation in response to a relative fall in demand for

restaurants located near government offices. This in turn underscores the fact that the

pre-existing distribution was reflective of the rent-seeking environment at the time.

14To be sure, changes in online review behavior could affect profitability indirectly through an advertising
mechanism. This would naturally constitute an effect of the policy implementation on actual demand,
and while certainly possible, would be very unlikely to explain changes in the absence of direct effects
on customer demand. Another possibility would be that restaurants could post or buy “fake” reviews to
compensate for a negative demand shock. If this incentive is uniform across restaurants, it would be picked
up by our fixed effects; if more affected restaurants are more likely to do so, this would entail that our
estimates are underestimates of the true effect.

17



Figure 3: The number of restaurants by grid cell from 2010-2016 (relative to city average)

Notes: This map displays the spatial distribution of restaurants in Beijing’s inner six dis-
tricts from 2010-2016. The restaurant count data are presented at the level of 1 km×1
km grid cells, with a darker color indicating a higher restaurant density relative to
the city average in the same year. There are a total of 1,627 grid cells in our sample.
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Figure 4: Restaurant gradients in Beijing, 2010-2016

0
.5

1
1.

5
2

2.
5

Th
e 

nu
m

be
r o

f r
es

ta
ur

an
ts

 in
 e

ac
h 

gr
id

 c
el

l

0 5 10 15 20

Distance to the nearest government office (km)

2010 2012 2014 2016

Notes: This figure illustrates spatial gradients of restaurants within Beijing’s inner six dis-
tricts for the years 2010, 2012, 2014, and 2016. The gradient of restaurants is represented
by the count of establishments in each 1 km×1 km grid cell, normalized against the city’s
average. This count is then plotted against the distance of each grid cell from its nearest
political power center, measured in kilometers.
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5.3 Heterogeneity Analysis

We can shed additional light on the nature of the shock, and its relationship to the change

in the accountability environment by looking at how 8PR implementation affected differ-

ent segments of the restaurant sector.

We start by examining restaurants that are included in the government’s official list

of 822 hotels in Beijing designated as official venues for government meetings and recep-

tions between 2010 and 2014. We redefine our treatment dummy to include as part of

the treatment group any restaurants that are situated in these hotels, under the premise

that they would be particularly visible and sensitive locations. The control group now

comprises establishments more than 1.5km away from the nearest government office and

not in government-designated hotels.15 The results are in Figure 5 (Panel (a)), where for

convenience we reproduce the baseline results for customer traffic and expenditure per

customer. Re-estimating equation (1) with the new treatment variable yields similar re-

sults for customer traffic, and an even stronger effect for expenditure per customer, in line

with the idea that there is greater scrutiny over these locations under the anti-corruption

campaign.16

Next, we turn our attention to how the campaign affected restaurants across the quality

spectrum. We categorize our sample into high-end, middle-end, and low-end restaurants

based on terciles of average expenditure. Panel (b) in Figure 5 displays the coefficients

from estimating the baseline differences-in-differences model in equation (1) separately

for each category – again, depicting customer traffic and average expenditures side by

side.17 While we do not have enough precision to estimate statistically significant differ-

ences, our point estimates suggest that the biggest hit to customer traffic is felt by upscale

restaurants, which were popular venues for government meetings and receptions prior to

the anti-corruption campaign, and thus were more likely to be affected by it. Yet, mid-

and lower-tier restaurants near power centers also suffered, possibly due to stiffer com-

15Note that the status of a hotel as government-designated varies over time, as the list is typically updated
every two years.

16Table A.11 reports the corresponding estimates for this test. Table A.12 confirms the validity of the
parallel trend assumption.

17Please refer to Table A.13 in the Appendix for the estimation results.
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Figure 5: Baseline result, heterogeneity, and placebo test
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(d) Placebo test

Notes: This figure presents the results of the baseline and heterogeneous analyses, along
with placebo tests. Panel (a) shows the baseline estimates for the full sample and a re-
duced sample of government-designated hotels only (Tables A.10 and A.11, respectively).
Panel (b) presents estimates for the heterogeneous effects by restaurant quality (Table
A.13). Panel (c) shows estimates for heterogeneous effects by proximity to government
offices of different ranks (Table A.14). Panel (d) depicts estimates from two placebo tests
(Table A.15). The blue bars represent the point estimates from an estimation of the effects
on restaurants in proximity to business centers. The red bars indicate the point estimates
from an estimation that shifts focus to other businesses, including swimming pools, gro-
cery stores, and laundromats. Bars indicate the size of the coefficients, and whiskers show
the 90% confidence intervals of the point estimates.
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petition from upscale restaurants downgrading to accommodate the policy shock. This

finding highlights the spillover effects of the policy intervention.

It is also interesting to distinguish between different types of power centers, specifi-

cally between central government and local (municipal) government locations.18 As much

as the central government’s anti-corruption campaign would also affect subnational gov-

ernments, we expect the effect to be particularly visible around national-level power cen-

ters. As can be seen in Panel (c) of Figure 5, that is precisely the case: we estimate a

larger effect, both in terms of both the number of reviews and average expenditures when

considering proximity to central government offices.

Additional heterogeneity results consistent with our mechanism can be found in the

Online Appendix. We find that our results are driven by changes on weekdays, rather than

weekends (Tables A.16-A.18), as one would expect from the impact of the 8PR. The effect

is also stronger for locations with a higher number of government offices or for offices

with a higher number of political scandals reported after the anti-corruption campaign

(Table A.14).19

We also conduct two placebo tests. We start from the idea that the anti-corruption cam-

paign should not directly affect sectors not targeted by measures against lavish spending,

and its effects should not hinge on locations unrelated to governments. We implement

the former by aggregating information on establishments in three lines of businesses ar-

guably unrelated to the 8PR directives: swimming pools, grocery stores/supermarkets,

and laundromats.20 We then run our basic differences-in-differences specification, defin-

ing treatment status as being within 1.5km of the nearest government office. As for the

latter, we geocode 17 business centers in the inner six districts of Beijing, identified using

a kernel density analysis approach from Lin et al. (2019).21 We calculate the distance be-
18Beijing is a direct-administered municipality, with its local government at the provincial level, the high-

est subnational level in China’s administrative division system.
19This refers to scandals reported on the website of the Central Commission for Discipline Inspection

(CCDI) of the CCP, www.ccdi.gov.cn, which is collaboratively managed by the CCDI and the Ministry
of Supervision of the State Council. The website regularly publishes tip-offs of corruption and breaches of
party discipline, including those related to “party loyalty”, “anti-graft”, and “moral and behavioral expec-
tations.”

20We combine the three sectors to get more variation, as there are many more restaurant establishments
than in each of the three. Still, we end up with relatively little variation at the cell × year-quarter level and
hence control for year-quarter fixed effects instead.

21The 17 municipality-level business centers include Sanlitun, Wangfujing, Xidan, Zhongguancun,
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tween each restaurant and its nearest business center and estimate our model based on

that distance.

The results are in Panel (d) of Figure 5. In both cases, we find small and insignificant

coefficients, often with the opposite sign. Interestingly, when we include both distance

to business centers and that to government offices in our restaurant specifications, the

coefficient on the latter remains significant and is quantitatively similar to what it was in

our baseline specification.

Taken as a whole, our results suggest that the change in the accountability environment

was indeed the driving force behind the effects detected in the restaurant sector.

6 Concluding Remarks

We have found that the anti-corruption campaign implemented by the Chinese govern-

ment in 2012, particularly the Eight-Point Regulations (8PR) that banned lavish banquet

spending by government officials, had a significant impact on spatial patterns in the Bei-

jing restaurant sector. Using crowd-sourced online data, our findings suggest a 5.5% de-

crease in customer traffic (as proxied by the number of online reviews) and a 2.7% decrease

in average expenditure for restaurants located in the vicinity of government offices, rel-

ative to more distant establishments. Our analysis also supports the view that this was

driven by the changed accountability environment brought about by 8PR and its differen-

tial impact on the restaurants more likely to have benefited from prior largess by public

officials and businesses attempting to curry their favor.

Importantly, we find that this is subsequently matched by significant changes in the

spatial distribution of restaurant establishments. By 2016, the distribution had become

significantly less concentrated around government offices. This highlights that the ef-

fect we detected using online data is reflective of real changes in consumption behavior.

What is more, it underscores that the pre-campaign spatial distribution was meaningfully

driven by the rent-seeking activities that took place at Beijing restaurants in that low-

Wangjing, Shuangyushu, Xinjiekou, Dongzhimen, Liangmaqiao, Gongzhufen, Qianmendazhalan, Chong-
wenmen, Chaowaidajie, Dongdaqiao, Guomao, Dawanglu, and Muxiyuan.
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accountability environment.

Our findings thus establish that rent-seeking endeavors have direct real effects on eco-

nomic activity and the allocation of resources, beyond their potential intentional impact

on the decisions of their targets. In particular, they end up affecting unrelated sectors, such

as the restaurant industry in our case. This is particularly important as it would naturally

affect which sectors may be more or less supportive of corruption-fighting efforts.

Our results also speak to the real effects of the Chinese anti-corruption program and

policy interventions of this kind more broadly. One skeptical view may be that the parties

involved in corrupt activities may adapt through mere window-dressing, misreporting,

and the like. We have documented that real economic decisions, such as the entry, exit,

and location choices made by firms in the restaurant sector, are being affected.

That said, our setting does not lend itself to a full evaluation of the welfare impact of

this particular policy. After all, we cannot pinpoint how the ultimate decision-making by

government officials is affected and what the costs and benefits of this might be. It does

underscore, however, that the welfare implications must take into account a variety of

sectors and business interests, and as such, so must the politics underlying those policies.
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Figure A.1: The spatial distribution of state and Beijing government bureaus.
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Table A.6: Summary statistics.

Obs. Mean Std. Dev. P10 P50 P90
No. of reviews 348,798 10.5 32.5 1 3 22

Average price (RMB) 208,878 60 140.6 13.1 39.1 104.7

Distance to the closest 348,798 1.9 2.3 0.3 1.0 4.4gov’t organization (km)

Distance to the closest 348,798 1.8 2.0 0.5 1.3 3.3subway station (km)
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Table A.11: The effect of the corruption crackdown on government-designated hotels.

Ln(# reviews) Ln(price)
(1) (2)

designated×post -0.057** -0.043***
(0.024) (0.013)

designated 0.770*** -0.046**
(0.029) (0.020)

Ln(dis subway) -0.019 0.007
(0.015) (0.009)

Store fixed effects Y Y
Cell × year-quarter fixed effects Y Y
Obs. 158,261 93,815
R2 0.754 0.825
Notes: This table reports results from estimating equation (1). The unit of
observation is store by quarter. Robust standard errors in parentheses are
clustered at the grid cell level. * p < 0.1, ** p < 0.05, and *** p < 0.01.
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